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Abstract

This paper investigates the superstar effect in the wine industry by analyzing whether inclusion in
Wine Spectator’s annual Top 100 List leads to a significant and persistent price premium. Using a
dataset of wines ranked number one between 2010 and 2021 and a panel of the top 10 wines from
the 2016 list, we assess the short-term and longitudinal effects of critical recognition on market

pricing. Results from a paired t-test reveal that number one wines exhibit an avofage price premium

increase of 85% relative to the previous vintage. Panel regressions further shovgthabtop 10 wines
experience a substantial and sustained premium that persists across four subs ages. In
addition to pricing effects, we analyze producer-level outcomes by co
price, quantity sold, and realized revenue before and after in Topy 100 List. The
revenue analysis, disaggregated by ranking tier, indicates th articular benefit
from a disproportionately large increase in total revenue, panded volume and
elevated resale prices. These findings confirm t -d visibility creates durable

economic advantages, with the most pronounced efft

Keywords: Superstar effect, Wine Spect 100 list, Price premium

1. Introduction

“There are stars, that is, that eve dy is familiar with, a consumer would be better off patronizing

these stars even if thej superior to that of others.” (Adler, 1985, p. 212)

t, sports, and technology [1-4]. In these industries, symbolic capital and
driven by media exposure—play a decisive role in shaping outcomes, frequently
beyond what intrinsic quality alone would justify. The wine industry shares many of these
characteristics, including scarcity, expert evaluation, and reputation-based consumption, yet
remains underexplored in this regard. Although prior studies have demonstrated that critic scores
and expert reviews influence wine pricing [5-6], the broader market consequences of critical

rankings—especially long-term effects on producer success—are not well understood.
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This study seeks to address this gap by extending the concept of the superstar effect to the
wine industry, offering new insights into how critical recognition and rankings shape long-term
price dynamics. Specifically, we investigate how inclusion in Wine Spectator's Top 100 List
influences price premiums over time, contributing to the broader literature on market visibility and
economic outcomes within wine economics.

Since 1988, Wine Spectator—one of the most influential voicgs in global wine

journalism—has annually published a curated list of the Top 100 wines revieweg that year. The
selection is based on four editorial criteria: quality (as reflected in score), valu
availability (volume produced or imported), and the so-called “X-facto narker of
distinctiveness or excitement. While inclusion in the list serves as a fo 1itical endorsement,
the format and visibility given to different ranks are far from uni
he context of Wine
Spectator’s Top 100 List by paying particular attention to theyu er of the ranking—namely,
2dly enhanced by the design
revealed all at once with

of the announcement process. While wines d #

minimal accompanying content, the top 10gate announced individually over ten consecutive days.

Each wine is given a dedicate | commentary, high-resolution imagery,

background on the winery, an ent featuring a Wine Spectator expert. These
channels. The cumulati i curated countdown that amplifies attention and builds
anticipation around

This asym structure suggests that the market impact of being listed in the
Ily depending on where a wine is ranked. The top 10 wines—and
e wine—may benefit not only from critical recognition but also from an
otlight that elevates visibility, induces demand, and enhances symbolic
status. This anfi€ipatory halo effect, rooted in the format of the ranking itself, provides a theoretical
basis for expecting outsized commercial outcomes at the top of the list.

To evaluate these effects, we pursue three related lines of inquiry. First, we test whether the
number one wine experiences a statistically significant increase in price premium relative to its

previous vintage. Second, we examine whether wines ranked in the top 10 exhibit a durable price

premium that persists over subsequent vintages. Third, we expand the analysis to producer-level
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outcomes—namely, changes in release price, volume sold, and realized revenue—based on a tiered
breakdown of the list (Top 100, Top 50, and Top 10). This disaggregation allows us to assess
whether commercial gains scale with visibility intensity, with the aim of providing a more nuanced
understanding of how rankings may influence economic outcomes.

By examining how structured visibility and critical recognition may influence price
dynamics and commercial outcomes, this paper aims to inform broader discassions on symbolic
capital, media amplification, and performance in the economics of cultural and e&perience goods

[7]. It offers a case-specific perspective on how reputation, ranking design, a signaling

could interact in shaping outcomes within status-sensitive industries su

2. Literature Survey

Rosen [1] introduced the concept of the superstar effect, which sug ifferences in talent or

performance can lead to disproportionately large differences in earnin arket success, particularly in
industries where visibility and media exposure amplify t ; s framework emphasizes that

consumers in such markets tend to converge on a pers, as fixed costs and scale

with, even if the performance is no be ecause they wish to participate in social interaction about this

performer” (Adler, 1985

asis on the communicative utility of fame—where popularity
enhances its own val i es the concept of a social feedback loop, whereby demand for well-known
rs know them. The result is a "bandwagon effect," which amplifies
rshadow objective quality. These foundational insights have since been
h as entertainment [8], sports [9], and chess [4], where visibility and public
intrinsic talent in determining economic returns.

cluster of studies focuses on the role of media exposure and technological change in
sustaining superstar dynamics. Hoffman and Opitz [8] offer an influential empirical framework
distinguishing between "talent stars," whose success originates from skill, and "publicity stars," who owe
their prominence largely to media exposure. Analyzing motion picture data, they show that “publicity
stars... can maintain market dominance even when talent alone is insufficient” (Hoffman & Opitz, 2017,
p- 119). They emphasize the reinforcing nature of media visibility: once an actor becomes prominent, the

media continues to circulate their image and narrative, making it easier for them to be cast in future



123
124
125
126
127
128
129
130
131
132
133
134
135
136
137
138
139
140
141
142
143
144
145
146
147
148
149
150
151
152
153
154
155
156

productions, thus perpetuating their dominance. This mechanism is not limited to film; it reflects broader
economic dynamics in which visibility substitutes for quality in driving consumer attention. Their findings
highlight the complementary relationship between skill and exposure: talent may attract attention, but
consistent publicity consolidates and prolongs superstar status. This reciprocal loop also underscores the
risks of underestimating media design as a structural input to market inequality.

Koenig [12] further supports this view by using the rollout of television in post-war Germany as a

intensified the

ru et al. [14]

natural experiment. His study found that increased media exposure significd
concentration of fame and income among a few top performers. Hogue [13] and Gir
similarly emphasize the role of mass communication and cumulative exposure i
success, noting how public recognition drives economic value through both

Though these studies focus on creative industries, their insights aj

es. Ali et al. [6] showed that

atings commanding substantial

bat and Figuet [7] found that higher expert scores are
e idea that critical acclaim has enduring value.

Ashenfelter and Storchmann [17] use ic pricing model to demonstrate that inclusion in prestigious

rankings leads to persist creases in wine prices. This suggests that structured forms of recognition not
only affect short-te t also elevate producers within longer-term market hierarchies.

explore this further, arguing that in wine markets, recognition often
supersedes innov in driyihg success. They show that status and industry influence function as
curren i i t, enabling producers to maintain market position even in the absence of product
Oczkowski [15%adds to this by emphasizing that objective attributes such as vintage and alcohol content,
as well as subjective evaluations like expert scores, are all fundamental to price formation—criteria that are
embedded within Wine Spectator’s Top 100 methodology. Gibbs, Tapia, and Warzynski [16] extend this
argument into a global context. They model wine consumers as either "naive" or "sophisticated," with the
former relying heavily on external expert reviews like Parker scores. As globalization expands wine markets
into less mature regions, the proportion of naive consumers increases, enhancing the market power of

critical acclaim. Their findings confirm that Parker score sensitivity has grown over time—particularly for
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high-reputation wines—and that this effect is magnified when supply is perceived as limited, reinforcing
the role of media-driven expertise and perceived scarcity in pricing dynamics.

Wine Spectator’s Top 100 List exemplifies the structured and hierarchical visibility mechanisms
discussed in this literature. Unlike traditional reviews, the list functions as both a curated ranking and a
media campaign. Particularly notable is the staggered daily release of the top 10 wines, each accompanied

by dedicated editorial content and multimedia promotion. This announcement format creates what we term

an "anticipatory halo effect," whereby attention intensifies progressively as the Ammber one wine is

revealed. While the effects of critical reviews on immediate demand are well docu 6], relatively
little empirical research has addressed whether such orchestrated visibility translates 1
advantages.

In summary, the literature establishes strong theoretic cal foundations for

understanding how visibility, critical acclaim, and media amplificatio rate effects. Within
wine economics, these dynamics have been shown to influence p ghiceputatiom and long-term market
positioning. However, the role of list-based rankings—and partic ghly visible upper tiers of such
rankings—remains an underexplored yet potentially pow, ha is study aims to address this
gap by examining whether inclusion in Wine Sp or p 100, Listespecially within the top 10,

generates enduring price premiums and revenue gaias for win cers.

vintages. Third, we analyze producer-level outcomes—specifically
, sales volume, and revenue—based on a tiered breakdown of the Top 100
rankings.

The dataset was compiled from two primary sources. Historical ratings, suggested retail
prices, scores, and rankings were obtained from Wine Spectator’s publicly available archives [18].
Market price and production volume data were collected from Wine-Searcher, a widely recognized

aggregator of global retail wine prices. For each wine, we recorded the release price at the time of
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inclusion and the current average market price in the United States, which together form the basis
for our calculation of the price premium.

Although Wine Spectator’s Top 100 List has existed since 1988, the analysis is limited to
the 2010-2021 period. Wines from earlier lists are often no longer actively traded, restricting
access to reliable price data. Conversely, wines from more recent lists, particularly those released

in the past two years, are frequently still in distribution or lack sufficient market data, making them

unsuitable for inclusion.

The key variable in this study is the price premium, defined as the ratio nesSearcher's
average U.S. price to the release price listed by Wine Spectator. Math 1 xpressed
as:

Price Premium = Wine—Searcher's Aver.age Price (US) (1)

Release Price

This price premium serves as an indicator of h market value has increased
relative to its initial release price, representing a ke r of the€ysuperstar effect. We conduct
two complementary analyses to estimate th@ price i effects associated with critical
recognition. In the first analysis, we focugon wi a number one in the Wine Spectator Top

100 List between 2010 and 20

For each wine, we comp m of the listed vintage to that of the previous

vintage, using a paired t-test. This a' test whether the observed premium is significantly

higher after inclusion 1 11 hypothesis (Ho) posits no difference in price premium

between the two vi ile the alternative hypothesis (Hi) assumes a statistically significant

increase in the fiiem e ranked vintage:

e remium, s — Premiumy,., 2)

wheré®Premiumyos: 1s the price premium for the vintage ranked number one, and Premiumpre
is the price premium for the previous year’s vintage.

Second, to further assess the impact of ranking within the Top 100, particularly focusing
on the immediate price premium for top 10 wines and its persistence over subsequent vintages, we
estimate a regression model to examine the relationship between the price premium and factors

such as scores, production volume, and the sustained effect of inclusion in the Top 100 List.
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Specifically, we test the hypothesis that inclusion in the Top 100 List, particularly being ranked in
the top 10, leads to a significantly higher price premium compared to the previous vintage, and
that this premium persists over several vintages.

Our focus on the top 10 wines stems from the visibility and publicity they receive in the
days leading up to the release of the full Top 100 List. During this period, a countdown begins

with the 10th-ranked wine, accompanied by detailed information about eachgwine. This process

generates heightened visibility and publicity for the top 10 wines, making the ore prominent

compared to the rest of the list.

Our analysis focuses on the top 10 wines from the 2016 Top 100, 1, the
vintage included in the Top 10 (denoted by j=1) may vary de ing wine and may not
necessarily be from 2016. We take this vintage as the reference t, withigsefrepresenting the
vintage prior to the wine's inclusion in the Top 10. We also * nt vintages, denoted
by j=2, 3, 4, 5, to measure the persistence of the price premiun ime. This results in a panel
dataset consisting of 10 wines, with 6 vintages per ) clusion, one-inclusion, and
four post-inclusion), leading to a total of 60 fions. Due issing price data from the

secondary market (Wine-Searcher) for tw intage pairs, the final regression sample includes
58 observations.
ion to pooled Ordinary Least Squares (OLS)

model, we estimate both Generali ares (GLS) random effects (RE) and fixed effects

(FE) models to accou heterogeneity across wines. The model selection is based

on the results of the and Pagan Lagrangian multiplier test and Hausman test, which help

to determine the

el by comparing the consistency of the OLS, RE and FE

ore;j + PrAge;j + PsCases;; + ByNumberl;; + Z?=1 PsjTopl0;; +u; + &5, (3)

where Premiumj; is the price premium for wine i in vintage j; Score; represents the Wine
Spectator assigned score for wine 1 in vintage j; Age; indicates how many years old the wine 1 is
in vintage j as of 2023; Casesj; is the number of cases produced for wine 1 in vintage j; Numberl;
takes a value of 1 if wine 1 is ranked number one in the Top 100 List; Top10;; represents the vintage

of wine 1 j vintages after its inclusion in the Top 10 list (with j=1 referring to the vintage included
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in the Top 10, and j=2,3,...,5 representing subsequent vintages); Top10io represents the vintage
immediately before the wine’s inclusion in the Top 10 (the benchmark vintage); u; is the
individual-specific effect (used in RE models); and ;j is the idiosyncratic error term.

This specification allows us to capture both the immediate impact of being ranked in the
Top 10 on the price premium for the vintage included in the Top 10 (denoted by j=1) and the

persistence of this effect over subsequent vintages (as j increases from 2 to 5 By comparing the

generates a sustained price premium over time.

The paired t-test used in the first analysis evaluates whether the emium for

producer-level revenue outcomes associated wi

changes in release price, quantity sold, a alized revenue between the vintage listed in the Top

100 and the subsequent vintage I'he anal

Top 50, and Top 10—based on

is is disa ted across three ranking tiers—Top 100,

cted revenue is defined as the product of the
release price and the number of ¢ alized revenue adjusts this value by incorporating

the observed price pr: as the ratio of Wine-Searcher’s average U.S. market price

to the listed release psice. Bhis tiered comparison enables a structured assessment of whether the

magnitude of reve systematically with a wine’s rank within the Top 100.

esents the empirical results in three parts. First, we evaluate whether being
ranked as thedilimber one wine in Wine Spectator’s Top 100 List generates an immediate price
premium relative to the previous vintage. Second, we analyze the persistence of price premiums
for the top 10 wines from the 2016 list across multiple vintages. Finally, we extend the analysis to
examine changes in release price, quantity sold, and realized revenue, disaggregated by ranking

tiers, to assess the broader economic implications of critical recognition.
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4.1 Price Premiums for Number One Wines (2010-2021)

For wines ranked as number one in the Top 100 List between 2010 and 2021, the price
premium—calculated as the ratio of the current average price to the release price—increased
significantly compared to the previous year's vintage. As shown in Figure 1, the price premium for
the number one wines rose from an average of 1.46 (for the previous year’s vintage) to 2.70 (for

the Top 100 vintage), representing an 85% increase in value.

The results of the paired t-test reveal a statistically significant difference between the price
premium of the number one wine's vintage and the previous year’s vintage
p=0.02, two-tailed). This indicates that inclusion as the top-ranked win
100 List is strongly associated with a substantial increase in pri

These results suggest that the “superstar effect” extends
Spectator’s rankings. The immediate increase in price p that the publicity

surrounding the top-ranked wine significantly impacts cot

‘-

and, thereby influencing

market price.

AVERAGE PRICE PREMIUM
"
n
=

Year before #1 wine in Top100 List

Figure 1: Price Premium for the Number One Wine in Top 100 Lists (2010-2021)
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4.2 Persistence of Price Premiums for Top 10 Wines (2016 Vintage Panel)

To examine the broader impact of being ranked in the Top 10, drawing from a panel dataset
of the top 10 wines from Wine Spectator’s 2016 Top 100 List and their associated vintages, we
initially conducted both Ordinary Least Squares (OLS) and Generalized Least Squares (GLS)
Random Effects (RE) regressions. The results are presented in Table 1. Following this, the

Breusch-Pagan Lagrangian multiplier test for random effects (y2(1) = 2.00, p <4.079) suggested

that the Random Effects (RE) model might be more appropriate, and a subseg ausman test
(x?(8) = 3.12;p = 0.537) confirmed that the RE model was indeed a better
Effects (FE) model for this analysis.

Both the OLS and RE models consistently indicate signi for the key variables

of interest. In particular, the coefficients for vintage and top across both models are
positive and statistically significant. The RE model shows t Saanked in the top 10 of Wine
Spectator’s list experience a substantial price premi ous vintages. Specifically,
the coefficient for the "Top10;;" variable is 0. ess than 0.01, indicating a
strong premium for wines ranked in the top\h0. More the coefficients for the variables
representing the first through fourth vintages follow clusion in the top 10 (Top10i2, Top10ss,

ant,Wwith values of 0.721, 0.709, 0.877, and 1.095,

increases in ket prices, likely influencing both consumer purchasing behavior and producer
strategies. The results suggest that the price premium not only arises immediately following
inclusion in the top 10 but also persists for several years.

Additionally, the vintage variable, which captures the age of the wine, shows a positive

and significant relationship with the price premium, reinforcing the idea that older wines tend to
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command higher price premiums. However, the number of cases produced, being ranked as the
number one wine, and expert scores did not exhibit a significant effect on the price premium.

In addition to examining the individual significance of these variables, we also tested
whether the coefficients for each of the top 10 ranks were statistically different from zero (Ho: Bs;
=0, where j=1, 2, 3, 4, 5). The chi-squared tests confirmed that each variable— Top10;1, Top10;2,

Topl10i3, Topl0is, Topl0is—had a significant and positive effect on the gsice premium. For

instance, the test for the Top10i; coefficient yielded a chi-squared value of 17.01 a p-value of

less than 0.01, while Top10;2 showed a chi-squared value of 9.90 with a p-val han 0.01.
The remaining variables— Top10i3, Top10i4, and Top10;s—also exhibit i 1its, with
p-values of less than 0.02, 0.02, and 0.01, respectively. These regults,co at inclusion in the
top 10 of the Wine Spectator Top 100 List exerts a significant up ffec price premium

for these wines.

V'

1.20

1.00

0.80

0.60

0.40

0.20

0.00
year before In Top 100 List 1 year after 2 years after 3 years after 4 years after

Figure 2: The estimated average increase in price premium for Top 10 wines in 2016 list

To further investigate whether the coefficients for the top 10 vintages were different from

one another, we conducted a joint hypothesis test to assess whether they were statistically
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distinguishable (Ho: B5; = Bsy = Bs3 = Bsa = Bss. ) The test showed that these coefficients were
not statistically different from each other. The chi-squared value for this test was 4.19, with a p-
value of 0.3813, indicating no significant difference between these coefficients. This suggests that
the price premium effect for wines ranked in the top 10 is relatively uniform across the top 10

vintage and subsequent vintages.

Table 1: Regression results — Dependent variable price premium

@ (2) 3)
Explanatory variables OLS GLS -RE
Age 0.229 0.258
(0.055)*** (0.080)***
Cases -0.011
(0.010)
WS-score -0.032 .
(0.029) (0.037)
Top10; 0.733 0.904
(0.181)*** (0.247)***
Topl0; 0.681 1.136
(0.20 9 (0.427)***
Topl0; 1.322
(0.602)**
Topl04 . 1.705
(0.367)** (0.783)**
Top10s 1.095 2.135
(0.441)*** (0.964)***
Numberl -07100 -0.079
(0.153) (0.249)
1.960 0.548 -4.448
Constant (2.625) (2.972) (4.415)
No. of observations 58 58 58
R? 0.49 0.49 0.42
Withi 0.49 0.50
Betwee 0.50 0.47

re in parentheses. " indicates level of significance at 1% (two-tailed). ™" indicates level
% (two-tailed).

Standard erro
of significance

In summary, the regression results and hypothesis tests confirm that wines ranked in the
top 10 of Wine Spectator's Top 100 List experience substantial and persistent price premiums. The
premium effect is consistently observed across multiple vintages and is not limited to the number

one wine, suggesting that critical acclaim within the Top 10 category has long-term economic
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consequences for producers. These results offer strong support for the presence of a superstar effect
in the wine market, where visibility and third-party validation influence pricing power and

consumer perception.

4.3 Revenue Effects by Ranking Tier: Top 100, Top 50, and Top 10

To complement these findings, we next explore whether this rankingsdriven recognition

translates into broader commercial gains beyond price alone. Specifically, we examine changes in
release price, volume, and total revenue across three tiers of ranked wines. This
whether the superstar effect also manifests in producer-side outcomes, s
revenue multipliers.

We further investigate how inclusion in Wine Spectator'
0SS'three g tiers: the full Top
% se price, volume, expected

ricepremium (measured as the ratio

pricing and revenue strategies by disaggregating the data ag

100, Top 50, and Top 10 wines. Table 2 summarizes change

revenue (defined as the product of release price and

of Wine-Searcher’s U.S. average price to relea ice)yand a alized revenue.

Table 2: Estimated and Actual

by Ranking Tier
Ranking A A A A
Tier Release Volume Price Premium Actual
Price Revenue

ge

Change in

change

n
(release Wine—Searcher’s Average Price (US) | in actual
nti price * Release Price total
change in revenue
quantity)
Top .083 .067 1.155 0.99 1.14
Top 50 Y 1.120 1.226 1.02 1.25
Top 10 .02 1.245 1.275 1.28 1.64
For th

11 Top 100, the vintage following inclusion saw an 8.3% increase in release price
and a 6.7% increase in volume, generating a 15.5% rise in expected revenue. However, these wines
sold slightly below their release prices on average (price premium = 0.99), moderating the realized
revenue increase to 14%. In the Top 50 subset, the revenue impact becomes more pronounced: a

9.5% increase in release price and a 12% rise in volume produced a 22.6% expected revenue gain,
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with the slight secondary market premium (1.02) pushing actual revenue up by 25%.The Top 10
wines exhibited a distinct pattern. While release price increased only marginally (2.4%), volume
surged by 24.5%, resulting in a 27.5% expected revenue boost. Crucially, these wines sold at a
28% premium over their release prices (price premium = 1.28), driving a 64% increase in realized

total revenue.

164

Expected Revenue

161 W Actual Revenue

1.4

1.27
1.23 125

1.2+ 1.16

1

0.8

Revenue Multiplier
(Vintage after listing relative to inclusion vintage)

0.6

0.4r1

0.2

0.0 Top 100 Top 50 Top 10

Ranking Tier

Figure 3: Expected vs: al Reventig,Gains by Wine Spectator Ranking Tier

This substa between expected and actual revenue highlights the outsized

economic valu top-tier visibility and critical acclaim. This tiered pattern is visualized
pected revenue based solely on price and volume growth with actual

orporates observed price premiums. The divergence between expected

of visibility and media amplification at the top of the list.

The empirical findings presented across both the regression analysis and the extended
revenue decomposition indicate that inclusion in Wine Spectator's Top 100 List—particularly
within the Top 10—generates multidimensional economic returns. The persistence of price
premiums across multiple vintages confirms the long-term nature of the effect, while the observed

gains in sales volume and realized revenue underscore the broader commercial implications of
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critical acclaim. These results align with theoretical predictions of the superstar effect by
illustrating how media-driven recognition can translate into disproportionate and sustained

economic advantages for a small subset of producers.

5. Discussion
This study provides evidence supporting the presence of a "superstar effect" in the wine

industry, particularly for wines included in Wine Spectator’s Top 100 List.

wines ranked in the top 10 experience substantial price premiums that persis 0ss multiple
vintages. Specifically, being ranked number one generates a notable price
average increase of 85% compared to the previous vintage. Additional

10 continue to enjoy elevated premiums for up to five years fo g incldsion in the list,

illustrating the long-lasting effects of critical recognition.

These findings align with prior research on the supéis in stries such as sports,

entertainment, and technology, where heightened visd 1ition contribute to market

dominance [1-2, 4, 8-9]. In the wine industry, i gctator’s Top 100 List boosts

a wine’s market position by increasing consu abling higher price premiums.

A key distinction that emerged ft, e ies in the difference between short-term

and long-term price premiums {Fhe immediate impact of ranking number one on Wine Spectator's

list is particularly striking, with p rly doubling for the current vintage. The paired

t-test results underscore the role of m@dia exposure and publicity in generating consumer interest
and driving up prices.
More intriglingly, th€persistence of the price premium over time for wines ranked in the

nature of the superstar effect. The random effects (RE) regression
ice premium remains statistically significant for up to five years

ion in the Top 10. This suggests that the superstar effect is not merely a

short-lived omenon but instead provides enduring economic benefits to wine producers.

These wines M@intain elevated prices long after their initial recognition in the rankings.

The findings of this study further reinforce the broader theory of the superstar effect in
markets driven by visibility and recognition. Similar to how top performers in industries like sports
and entertainment disproportionately capture income and market share, top-ranking wines in Wine

Spectator’s Top 100 List benefit from outsized economic gains. The positive relationship between

critical recognition and price premiums aligns with previous studies on wine, which have found
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that expert opinions significantly influence both wine demand and pricing [5—6, 19-20]. These
results underscore that inclusion in a prestigious ranking not only boosts a wine's market value but
also serves as a long-term competitive advantage for producers. The observed price premiums,
sustained across multiple vintages, emphasize that the superstar effect in the wine industry delivers
prolonged market success.

The analysis also highlights that the age variable shows a positave and significant

produced, although not statistically significant, suggests that scarcity

price pressure. These patterns are consistent with Oczkowski’sghl5] fi objective

product attributes (such as vintage and alcohol content) and subj (such as expert
y align with Gibbs,
Tapia, and Warzynski’s [16] results, which show that city and media-amplified
arkets with limited supply
elasticity and informational asymmetries.

Furthermore, the relatively narro geof Wing Spectator scores for the wines analyzed

likely explains why these scores, did not exhibit a s ant additional effect on price premiums.

Interestingly, the regres at the coefficient for the "Numberl" dummy

variable was not statistically differ , Indicating that being ranked number one does not

sought-after wines, substitution effects could push up prices for other top
10 entries, thet€by flattening the premium gradient. This dynamic may recur annually, contributing
to the observed lack of a statistically distinct premium for the number one wine.

In addition to these price-based effects, the third component of the analysis—revenue
decomposition by ranking tier—offers further insight into how critical recognition translates into
broader commercial gains. While wines in the full Top 100 and Top 50 lists showed modest

increases in realized revenue, the Top 10 wines exhibited disproportionately large gains.
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Specifically, the combination of a 24.5% increase in volume and a 28% resale premium resulted
in a 64% increase in realized revenue for top 10 wines. This result indicates that the superstar effect
operates not only through price but also via quantity sold, amplifying its commercial impact. The
divergence between expected and actual revenue, most pronounced for top 10 wines, suggests that
visibility-induced demand can substantially elevate both perceived value and consumer

willingness to pay.

The findings of this study extend the understanding of the superstar effect®eyond the wine
industry and into other markets where visibility and recognition play critica
decision-making. Similar effects could be observed in sectors such as | art, and
non-wine beverages like whiskey or craft beer, where reputation ity drive market

demand. Prominent awards and media exposure in these indu

For wine producers, these findings of ogic insights. Aghieving a high ranking on
Wine Spectator's Top 100 List can lead tQgsi sustained price premiums, particularly
to esta

for smaller or emerging produgers aimi emselves in the market. The long-term

price premiums observed in th producers could benefit from aligning their
marketing and branding strategi ve their chances of achieving higher rankings.
Furthermore, the fin
Producers might coasi veraging limited production to create exclusivity and elevate the
market value of th
es valuable insights, several limitations warrant attention. First, the
Wine Spectator’s Top 100 List, which, while influential, represents only
one sourc acclaim in the global wine industry. Future research could examine other
prestigious awatds, such as the Decanter World Wine Awards or ratings from additional prominent
wine critics, to determine whether similar superstar effects are observed across different platforms.

Second, this study analyzes price premiums in the U.S. market, where Wine Spectator’s
influence is particularly strong. Exploring similar effects in other regions, such as Europe, Asia, or

Latin America, would provide a broader understanding of the global implications of critical
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recognition. Differences in cultural, regulatory, and consumer behavior across these markets could
reveal new insights into the dynamics of price formation.

Finally, future research could delve deeper into consumer behavior to better understand the
mechanisms driving the superstar effect. Investigating factors such as brand loyalty, social status,
or personal taste preferences could offer additional insights into how rankings influence consumer

decisions. Complementary qualitative research, including interviews or fe@cus groups, could

depth to the quantitative findings.

Moreover, supply-side dynamics, such as production volume a
deserve further exploration. While this study highlights the role o
could examine how producers strategically balance production to maximize
value. These efforts would provide a more comprehensive u e interplay between

recognition, scarcity, and pricing in the wine industry.

6. Conclusion

In conclusion, this study confirms the exi e "superstar effect" in the wine industry, driven

by inclusion in Wine Spect ¢ findings reveal that top-ranked wines

experience significant and endur , with the number one wine achieving an 85%

increase in price premium compar s vintages. This effect persists for up to five years

for wines ranked in thedop 10, undegscoring the long-lasting impact of critical recognition on
market outcomes.

The revenue sition further supports the presence of a superstar effect by showing
that i rat sproportionately high increase in realized revenue—reaching 64%—

esale prices and expanded sales volumes. This commercial outcome

The implications of these results are significant, particularly for wine producers and
marketers seeking to leverage visibility and rankings to strengthen their market position. While
scarcity plays a role, the superstar effect of high-profile rankings remains a key driver of economic

success in the wine industry. Further research is needed to investigate how these effects may vary



528 across different markets and to examine additional factors influencing wine pricing beyond

529  rankings and scarcity.
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