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Abstract

This paper examines how trade policy uncertainty (TPU) affects the extensive margin of
international trade (new product entry decisions) using a novel dataset of wine Certificate of

Label Approval (COLA) applications submitted to the U.S. Alcohol and Tobacco Tax and Trade

Bureau (TTB). Because TTB regulations do not require new applications for routine
updates or minor format changes, each COLA application represents a genuine, forward-
business decision to introduce a new product or refresh an existing product in the U.S.
Exploiting the November 2024 U.S. presidential election as a regime change 4

uncertainty (TPU), accompanied by various threatened and implem:

related events in 2025 appeared to have more intense negat on weekly EU

applications, the coefficient for the post-election treatment i tion in EU wine

product applications in the 61-week post-election window

oximately 72%,
ing the primary driver of the
decline. To complement the DiD a that exploits the close pre-2025

relationship between US and E s a reduction of 14,899 foregone

directly captured in traditi istics: uncertainty deters new product introductions

before any tariff is 1 edors 1s made.

Keywords: trade palicy uncertaifity; wine; difference-in-differences; product entry; tariffs

1 Introd

Over the past de, but especially in 2025, trade policy uncertainty has emerged as a major
structural challenge for the global wine trade. Alongside the well-documented pressures of
declining wine consumption, especially among younger consumers, decreased alcohol

consumption overall, and climate change, wine exporters now face a volatile policy environment
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in the largest destination market: the United States. Yet our understanding of how this uncertainty
transmits into wine industry outcomes, even before any tariff is imposed on shipments, remains

incomplete.

This paper provides evidence on a segment that is upstream of conventional trade-flow data: new

product entry decisions. When a domestic or foreign wine supplier wishes to launc

product in the U.S., they must first obtain a Certificate of Label Approval (COLA) from th
Alcohol and Tobacco Tax and Trade Bureau (TTB). The decision to file an applicatio
signals steps towards introducing a new product and can be sensitive to expectati
market conditions, including trade policy. The regulatory structure ma
high-frequency, product-level measure of the extensive margin of import
existing products to ship, but whether to introduce new products a

EU wine exports to the US and stable export flows elsewhere (sc@

Figure 1 documents, the number of COLA applications for more stable pre-
2025 cycles. -
Wine Label Applications 2022-2025
c u: U: c
g g8 I8
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Figure 1: Weekl LA applications for US and EU producers. Several key events in recent trade policy
have been marked. The late-2025 Federal Government Shutdown is shaded in grey, a time during which
the TTB was temporarily shuttered, halting COLA approvals and likely delaying the timing of
submissions.
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My empirical strategy exploits the November 2024 U.S. presidential election, which saw Donald
Trump elected to his second term, as a sharp change in the US trade policy regime faced by EU
wine producers. The election outcome, combined with explicit campaign-period threats by then-

candidate Trump of imposing across-the-board tariffs and other trade barriers on major trading

the rate to 50%, and a temporary threat to place a 200% tarift specifically on i
from the EU, all contributed to policy uncertainty.

With this context in mind, I estimate a collection of statistical models t asure act
e h
lifferences (DiD)

that US trade policy, both the actual policy and the uncertainty aroufid ew wine
product introductions into the US from the EU. I first estimate a di
models comparing weekly COLA application rates for st U.S. domestic
producers over 2022-2025 and assess the impact of v
a 21.7% decline in weekly EU applications attri ¢ on date as a treatment.

Decomposing this effect into various policy-r:

vent treatments did. Including the Trade Policy
[2

itself didn’t affect applications as h as oth

Uncertainty (TPU) Index from Cald a control attenuates the post-election

coefficient by approximately 72%, con evated trade policy uncertainty, rather than

EU applications would have been, post-election, had they

pattern that persisted into 2025. Comparing the counterfactual

policy. First, I utilize COLA application data as a relatively novel, theoretically well-motivated
measure of the extensive margin of wine import entry. Second, I provide evidence that trade

policy uncertainty suppresses new product entry decisions, a disruption that occurs upstream of
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observable trade flows and is thus not directly measured in standard import volume indicators.
Third, I document a specific mechanism linking geopolitical disruption to wine export decision-
making: the contraction of foreign product variety available to U.S. consumers not necessarily

from market exit but from new product non-entry. Such variety loss has implications for

consumer welfare beyond a reduction in wine volume sold or any rise in price.

The rest of the paper is as follows: Section 2 reviews the relevant literature. Section 3 dg
the data and identification strategy. Section 4 presents the main empirical results. S

discusses implications of the findings. Section 6 concludes.

2 Literature Review

2.1  Uncertainty and Trade

and shocks. Critically, the wait-and-see response is
strongest at the extensive r entry decisions rather than simply scaling back
existing commitment lified when sunk costs are higher, precisely the condition

navigate cross-border-specific challenges that domestic

ovide direct evidence in a trade context, showing that reductions in
policy uncert g applied tariffs constant, generate large increases in exporter entry and
volumes for Porfigal’s European Communities (EC) accession and China’s WTO accession
respectively. Crowley et al. [7] document that Chinese firms reduce market entry in response to
tariff threats before any tariff is imposed. Carballo et al. [8] extend this framework to show that
both economic and policy uncertainty jointly suppress aggregate extensive margin dynamics:

during the 2008 trade collapse and its aftermath, the negative effect of uncertainty on export
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entry was concentrated in destination markets without preferential trade agreements with the
United States, where policy uncertainty remained unresolved. This finding directly motivates the
present paper’s identification strategy: the 2024 post-election period represents precisely such a
regime, elevated uncertainty without a binding agreement to constrain it. Caldara et al. [1]
construct their TPU index from newspaper text analysis and show it correlates negati with
trade and investment. Graziano et al. [9] show Brexit-related TPU had persistent effe

bilateral trade even absent any change in applied rates.

Most closely related in terms of my data source used, Flaaen et al. [10] use C

data to document tariff engineering behavior during the 2019-2021, w

designations above the 14% threshold to avoid the tariffs. My ana
focusing on the uncertainty phase that precedes any tariff i i her'than the product

composition response once tariffs are in place.

2.2 The Extensive Margin and Product Varie

ance Jof the extensive margin, showing that
trade costs affect the number of pro ore elastically than volumes per firm.
Helpman et al. [13] show empirically th cross-country variation in bilateral trade is
accounted for by the exte baum et al. [14] and Amiti et al. [15] document that

the 2018 U.S. tariffs o oods led to product exit and variety compression, with welfare

identify wine 1abelling regulations as a primary technical trade barrier confronting EU suppliers.
Cardebat and Figuet [20] reinforce this interpretation by showing that the US is among the most
exchange-rate sensitive destinations for French wine exports, with volume losses of roughly 25—

28% over 2000-2011 attributable in part to euro appreciation.
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3 Data and Identification Strategy

3.1 Certificate of Label Approval Data

The primary data are COLA applications submitted to the TTB, obtained from the publicly
available COLAs Online database.! Under the Code of Federal Regulations 27 C.F.R. Pa

%, any
alcoholic drink sold in U.S. interstate commerce requires TTB label approval prior to
entry [21]. The approval requirement covers aspects of the label as a whole, including t

name, graphic design, appellation of origin, alcohol content, and mandatory discl

Before describing the data, it is useful to distinguish between a COLA iGatio a COLA
approval. An application is the producer's or importer's submission t TTB ing
authorization to use a given label, the forward-looking business object of
study in this paper. An approval is the TTB's subsequent grant @ orization, which
typically follows within approximately 9-10 business e analysis, the
dependent variable is the weekly count of application by approval date.
This timing is deliberate: the application date capt decision to commit to a

product introduction, whereas the approval latory processing and could

The critical regulatory feature is th¢ rement. TTB does not require a new
application for routine vintage year chang or format adjustments when the underlying

product identity, produce iondare unchanged.? An already-approved label may be

commitments TQQUS importers, implying that product-entry decisions are made on a recurring,

margin-sensiti sis, precisely the type of decision that COLA applications are designed to

capture. For foreign wines, the fact that a US-side importing company is required to be listed on

1 https://www.ttbonline.gov/colasonline/publicSearchColasBasic.do
2 https://www.ttb.gov/regulated-commodities/labeling/allowable-revisions
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the label means that an application signals that the producer has sunk a non-trivial cost of
securing a new importer relationship or an agreement to expand an existing one. This regulatory
structure gives COLA applications a strong interpretive anchor as measures of new product entry

decisions: each application reflects a deliberate, forward-looking act that precedes any physical

shipment.

The fixed cost of this decision, however, likely pales in comparison to other fixed costs
product introduction. There is no fee for filing with the TTB, but producers can pay third
to handle the application process for them. Even if the producer handles

themselves, time and other sunk resources must be used to designdga, |

regulatory requirements and properly navigate the application and ap S.
domestic craft beer brewing, Cervantes and Smith [22] and Cervant ent non-
trivial monetary costs and time spent on understanding label regul

TTB over disputes.

The COLA data obtained contain all approvals for jwi ations submitted

between January 1, 2016 and December 31, 2025, ion applications (which

cover small production runs and test product ovals, and expired approvals.’
After these filters, the analysis dat 037,942 wine product records from US and all
other non-US countries. I then c anel by origin group: 579,835 EU
applications across all current 27 memb if they were not a member at some point in
the earlier part of the sa ingithe UK) and 365,408 U.S. domestic applications. For
the DiD and counterfact odel estimate€s, I restrict the sample to 2022-2025 to avoid
potentially nonrepres@ntative re 25% tariffs from 2019-2021, the onset of economic
disruption from t mic from 2020-2021, and the bounce-back from both events).

In tht i re 1,726 EU and 143,971 U.S. applications.

3.1.1 Histori ] lassification

3 Unlike Flaaen et al. [10], who accessed COLA data through the commercial COLA Cloud service, | construct the
dataset directly from web-scraping the public TTB COLAs Online database, which provides complete coverage of
the data of interest (though narrower in scope than that available from COLA Cloud).
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The 20162025 sample spans four distinct trade policy regimes (see Table 1 and Figure 2). The
stable baseline (2016—October 2019) is a time period of no major trade policy changes, at
approximately 1,195 EU product entries per week. Section 301 tariff episode (October 2019—
March 2021) imposed 25% duties on wines from France, Germany, Spain, and the UK. This

episode serves as a within-sample benchmark for a realized tarift shock, where EU app
declined to approximately 981 per week. However this period also coincided with the dis
from the COVID pandemic. Marking July 1, 2021 as a reasonable end-date for the
COVID-related economic volatility, the intermediary period between the end of th
tariffs and the end of the COVID volatility brought about a strong recoyery in
The post-election regime (November 2024 onward) marks the prima
produces the lowest observed weekly EU entry rate of the sample: 798
side, weekly applications rose during the 2019 Tariff period a

smaller decline, from 686 to 627 per week, in the post-electi

3.2 Trade Policy Uncertainty Measure

I supplement the COLA panel with the weekly, e Palicy Ungertainty (TPU) index of Caldara

et al. [1], constructed from automa is of newspaper coverage of trade policy risks.

Figure 3 plots this Index against the plications. Note the spike in the index

application decline. I use this index both to

estimate the responsivéness of plications to policy uncertainty.
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Table 1: Wine Product Applications by Historical Regime

Regime Weeks EU Entries US Entries EU/Week US/Week
Pre-2019 Tariff (2016—Oct 2019) 199 237,710 136,514 1,194.5 686.0
2019 Tariff (Oct 2019-March 2021) 73 71,630 53,368 981.2 731.1
COVID Post-Tariff (March 2021-June 2021) 18 23,374 15,768 1,298.6 876.0

Post-COVID Recovery (July 2021-Oct 2024) 176 198,413 121,513 1,127.3
Post-Election (Nov 2024-Dec 2025) 61 48,708 38,245 798.5

Full sample 527 579,835 365,408 1,100.3
Source: TTB COLAs Online database. EU comprises all 27 member states; UK

boundaries: Section 301 tariff imposed October 9, 2019; suspended March 5, 2
volatility “ends" July 1, 2021, Post-Election period begins November 5, 20

3.3 Empirical Strategy

3.3.1 Difference-in-Differences

The baseline specification is a two-period DiD model on LA ication counts. Let

Yi;denote EU or U.S. domestic applications in week ¢

In(Yi) = o+ B (EU; x POst;) + yi
where EU; indicates EU origin, P es -

onward), y; are origin group fixed eff: k fixed effects, and 44 are EU-calendar-

nt Eit (1)

election period (November 5, 2024

this assumption. First, seasonality across regimes is statistically stable: an F-test for interaction

between seasonal week dummies and regime indicators yields F(51,268) = 0.93, p = 0.62,
confirming that the EU and U.S. seasonal patterns are each stable across historical periods. In

other words, past regime changes have not been accompanied by shifts in EU or U.S. seasonal
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patterns, making a spurious seasonal explanation for the 2025 decline implausible. Second,
event-study pre-period coefficients for the election-timed treatment are centered near zero,
supporting pre-treatment parallel trends (Figure Al in the Appendix). Third, TTB processing

times are similar for EU and U.S. producers both pre- and post-election (approximately 9—10

days for both groups in both periods), ruling out differential regulatory treatment as an alt

explanation.

As a robustness check, the model is estimated under five additional treatment timings
that coincide with notable threats or actual changes in U.S. trade policy towa

(Timings from Dingwall [24], Bade [25], and Bade et al. [26]):

e February 26: President Trump threatens to place a 25% tariff on all
e March 13: President Trump threatens to place a 200% tariff &

e April 2: "Liberation Day" where the Trump Administt
rates that almost all trading partners will pay (2

e May 23: President Trump threatens to raisénath iff ratgyon the EU to 50%. Three days
later, he announces he will dglay this in€tease to J

down to 15%

he rate is eventually negotiated

e August 7: Reciprocal Tariffs offic fect, including the EU’s 15%

e event truly explains any post-election change in application
tment timing will have a treatment coefficient that is
absorbing the effi ts. To decompose the effects of multiple potential events, I also

six treatment timings. This shows the marginal effect any one

As Figure 2 shows, in the pre-election era, weekly EU and US applications moved in similar
seasonal cycles where EU applications were higher than US applications with some consistency

in the magnitude of the difference (after smoothing over weekly volatility). The one exception is
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the era of the 2019 tariff. The steady continuance of US application trends and fall in EU
applications in 2025 during a period of great trade policy uncertainty and volatility suggests that
EU applications could have followed their pre-election trend with US applications absent the

threats and imposition of tariffs. As a complement to the DiD analysis, I construct a cumulative

total "forgone" applications in the post-election era that can potentiall
policy. Coefficient uncertainty is propagated via parametric simulatio

95% confidence intervals on the cumulative gap.

4 Empirical Results

4.1 Difference-in-Differences Results

4.1.1 Main Specification

Table 2 reports the DiD estimates of C

t mean none are statistically significantly different from each
ply a range of weekly application reductions of 21.7% to 30.6%
compared to ntrol. Estimating the DiD with the application counts in linear form
produces a co ent of -265.8 for the post-election treatment. Over the 61-week post-election

period, this would imply a cumulative reduction of 16,214 applications.

Table 2: DiD Estimates by Treatment Event (One treatment per estimation)



Event Coefficient % Change

Election (Nov 5, 2024) —-0.244" -21.7%
(0.100)

25% Tariff Threat (Feb 26, 2025) -0.327" —-27.9%
(0.098)

200% Wine Threat (Mar 13, 2025) -0.326™" —27.8%
(0.103)

Reciprocal Tariffs Announced (Apr 2, 2025) —-0.320""" -27.
(0.110)

50% Tariff Threat (May 23, 2025) —-0.364"""
(0.121)

—0.266""
0.12

15% Tariff Implemented (Aug 7, 2025)

322 *p <0.01, “p < 0.05, “p < 0.10. Standard errors (Driscoll-Kra
323 % Change = (e~ 1) x 100.

324 Table 3 reports the DiD estimates of the treatmentl coeffici i e model where all six
325
326
327
328
329
330
331
332
333
334
335 of uncertainty: the official Reciprocal Tariff announcements and the
336 actual implementation of the 15% tariff on imports from the EU. One could interpret these as an
337 incomplete recovery in applications after some uncertainty was resolved. The cumulative effect
338 from this joint model (-0.263, summing all coefficients in Table 3) closely matches the August 7

339 post-implementation estimate (-0.266) from the single-event model in Table 2, confirming

340 internal consistency.
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Table 3: DiD Estimates: All Treatment Events Estimated Jointly (Log-Linear Specification)

Event Coefficient % Change

Election (Nov 5, 2024) 0.020 2.1%
(0.080)

25% Tariff Threat (Feb 26, 2025) -0.381" -31.7%
(0.212)

200% Wine Threat (Mar 13, 2025) —0.040 -3.9%
(0.247)

Reciprocal Tariffs Announced (Apr 2, 2025) 0.281° 32.4
(0.117)

50% Tariff Threat (May 23, 2025)

15% Tariff Implemented (Aug 7, 2025)

*p <0.01, "p < 0.05, *p < 0.10. Standard errors (Dris
% Change = (¢’ 1) x 100.

4.1.2  The Trade Policy Uncertainty Channel

election decline, I estimate a log-log

To quantify the role of general T rivingthe po

mediation specification in which b ariable and the TPU index enter in

interpretable as an elasticity.* The results,

logarithmic form, so that the TPU ¢ ent 1

ase in the TPU index is associated with a -0.056%

presented in Table 4, indi ata 1% in

decline in weekly appligationsBhe interaction between EU origin and log TPU is negative and

the pattern simply is consistent with elevated uncertainty being a primary driver: the post-

election rise in the TPU index to its highest sustained levels of the sample coincides closely with

4 For this specification, calendar week fixed effects are substituted for week fixed effects since the week fixed
effects would introduce collinearity with TPU. This also means that this model does not account for EU-specific
seasonality. The baseline non-TPU-included treatment effect that the TPU-included model is compared to is
therefore not the same effect estimated in the main DiD model in the previous section.
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the period of declining EU applications, and conditioning on it substantially absorbs the post-
election EU-U.S. differential. At the other extreme, the residual post-election coefficient after
controlling for TPU is statistically indistinguishable from zero (p = 0.261), consistent with

elevated uncertainty accounting for the full post-election effect. Taken together, these results

wine-sector development, while acknowledging that this inference is associational rather

formal causal decomposition.

Table 4: TPU Attenuation Analysis (Log-Linear Specifi@ati

Without TPU With TPU
EU x Post-Election —0.348™" —-0.09
(0.047) .
log(TPU) *
19)
EU x log(TPU)

Coefficient attenuation

"p <0.01,"p <005 "p < dard €

Both specifications include cal

(Driseoll-Kraay) in parentheses.

dc rigin fixed effects.

Dependent variable: log(weekly a share = (ff no TpU — £ with TPU)/S no TPU-

4.1.3  First-Time Applicati SIS

A potential concern is{that A ations partly reflect label updates (substantial enough to

require re-certific ) for products that are already being sold in the U.S. Even among this

removed from .S. market had the producer not felt it worth the trouble to update a label for

better marketing/identity or to fix an issue with the label being out of regulatory compliance.

To see how sensitive the analysis is to the identification of potentially trivial “repeat"

applications, I restrict the 20222025 sample of applications down to products appearing for the
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first time under a given brand-country-importer combination. I then restrict applications further
under a stricter first-time brand-country combination. Under the brand-country-importer
definition, EU applications from the entire 2016-2025 period are split between 66.3% new
products versus 33.7% repeats, while U.S. domestic producers show the reverse pattern (39.0%

new, 61.0% repeat)

Results of DiDs run on these two stricter definitions are in Table Al in the Appendix an
that the post-election treatment effect is significant at the 5% level or less for both sam
Converting the log-linear coefficients, the estimated decline is -23.5% for the u
¢ thi

importer combination, and -24.4% for the new brand-country combi to

21.7% from the baseline DiD model with all applications, where none are
statistically significantly different from each other. The consistenc
that post-election uncertainty operated as a broad dampener on labg8 ent activity rather

than selectively discouraging one type of application.

4.2 Counterfactual Model - Cumulative “Forgone"

The counterfactual model regresses weekly ication counts on the US counts with

seasonal week effects over the 2022 to 2024 i . The model has an R? of 0.75,

plots actual weekly EU applications ag the counterfactual projection from the model. The
two series track closely t eral weeks of the post-election period. However,
from approximately 25 onward, actual applications fall persistently below the

predicted counterfac eak in May, and another narrowing in the final months of

The int ulative forgone applications) over the 61-week post-election period
1S a mean 5% CI: -16,928 to -12,835), based on 2,000 parametric simulations
propagating model coefficient uncertainty). This estimate is robust to baseline period choice:
alternative baseline windows ranging from 2016-2018 through 2021-2024 yield cumulative gaps
of -19,050 to -14,554, all with confidence intervals entirely below zero (Table A2 in the
Appendix). This is comparable with the reduction of 16,214 applications from extending the

estimate of the weekly coefficient in the linear-linear DiD post-election treatment model.
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Considering that there were approximately 63,400 EU applications from the 61 weeks prior to
the election, 14,899 “forgone" applications is equivalent to 23.5% of that pre-election total. This
is comparable to the coefficient on the DiD post-election treatment that translates to a 21.7%

reduction in the weekly count.
a

EU Wine Label Applications: Actual vs Counterfactual
Shaded region = 95% CI for counterfactual prediction

2000

L
1500 b=t

" 15% Implemented

EU Label Applications
=
8

w
8
Election
25% Threat -
200% Wine Threat
Reciprocal Annc

- Actual EU = Counterfactual

N\

.C

terfactual Projection

s of brand-country-importer combinations
(see Section 4.1.3), the s er, so any estimate of the cumulative reductions in

applications from a cou

5.1 Other Explanations

The model doesn’t explicitly control for other short-term factors that affected the wine industry in

2025 nor other longer-term trends that continued into the year. However, for any non-trade-
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policy omitted factor to partially explain the estimated “forgone" applications, it would have to

apply to imports of EU wines into the U.S. but not U.S. domestic wines (or not as intensely), or it

would have to explain the exporting country’s wines in general and not just those that are or

could have been sent to the US. I document two potential non-TPU factors and why they are

unlikely to explain the estimated magnitudes in the previous section

1. A general decrease in wine consumption. There is a documented long-term consu

600

Export Value (Million EUR)
IS @
8 38

w
S
S

200

trends faced by both the US and EU cross sections, and the counter
in part on the pattern of US activity, which is not directly (or

U.S. trade barriers but is affected by general consumer trend

France, Germany, Italy, and Spain Wine Exports to US vs Other Countries
Other: Brazil, Canada, China, India, Indonesia, Japan, Mexico, S. Korea, UK

Election _______
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Destination =— Other Countries = United States

Source: Eurostat (HS 2204 - Wine From Fresh Grapes).
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rmany, Italy, Spain Wine Exports to the US and Other Countries

raction in European producers, especially in France. This too has been well-
documented [30]. While I do not have access to product introduction data for non-US
destinations for EU wine exports nor that for the EU-based domestic markets, it may be
instructive to look at traditional trade flows to see how notable the decline in EU export

volumes to the US is relative to other large economies. Figure 5 plots a smoothed time
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series of wine exports from France, Germany, Italy, and Spain to the U.S. and other major
economies. Notice that exports to the U.S. have curtailed sharply while those to other
countries is trending slightly upward. While these trade flows are more indicative of the
intensive margin of activity, it would be unlikely to see such a large differential between
the US and non-US economies in 2025 if there weren’t also substantial differenccSjin new

product introductions.

5.2 Interpreting the Magnitude

Centering the discussion around the -14,899 applications estimate erfactual

tariffs produced a clear and immediate indexed drop of 21.5% in the first 26 post-
event weeks, but also a r iff was lifted in 2021. The post-election uncertainty
episode, by contrast, sh decline but a gradual, compounding withdrawal that

hortfall. This temporal pattern is consistent with the real

may similarly persist long after the policy environment stabilizes.
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5.3 International Wine Trade Implications

The results speak directly to how wine producers are adapting to a changing world. The
disruption documented here operates entirely upstream of realized trade flows. It is invisible to

standard customs data, which record shipments of existing products. In addition to the previously

mentioned variety-related welfare losses that such trade flow statistics may not fully cap

recovery path from TPU disruption may be slow. COLA applications may precede importg

pipeline of new products that EU producers chose not to develop in

consumers regardless of what happens to tariff policy in the near term.

5.4 Limitations

Several limitations deserve acknowledgment. First, althoug iD specification

that includes multiple treatment timings, it is still di applications to

specific events in the post-election period

which does not rely on the DiD frameé nfidence intervals entirely below zero
across all baseline specifications, e compelling evidence of a real and

substantial shortfall.

Second, I cannot directly jon not to file a COLA application. The missing
applications are, by ¢ 1 nobservable. The counterfactual projection relies on a model
estimated from a gela ection baseline and is subject to the usual out-of-sample

forecasting risks.

es the intent to enter (applications) rather than realized entry
(approvals

linking COLA

ments). Applications are the decision point of interest, but future work
provals to subsequent import transactions would strengthen the welfare
interpretation. If the proportion of label applications that lead to actual new product importation
also declined for EU producers as a result of 2025 uncertainty (compared to the pre-2025 period),
then the observed decline in applications could underestimate the magnitude of the decline in

actual new product entry.
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Fourth, the analysis does not account for the upstream production timeline that precedes a COLA
application. A product that appears as a new label application may represent decisions taken
months or years earlier at the stage of vineyard planning, winemaking, or the negotiation of an

importer relationship. The 61-week post-election window likely captures the most downstream

responses to uncertainty (label design, importer contracting, application filing), wh
upstream decisions (grape variety selection, production volumes, and long-term
commitments) may not yet manifest in application counts within the sample period. This
the estimated shortfall may represent only the leading edge of a larger disruption:
responded to 2025 uncertainty by curtailing upstream production decisi
foregone applications in subsequent years, even if the policy environment,
Il cumulative

with longer post-treatment windows would be well positioned to

magnitude.

Finally, without a more extensive model, I cannot model t e policy has on

COLA applications and product introduction for US domest ure it serves as an
effective control. Despite being a target for prote@tionism, producers can also be
negatively affected by trade barriers and unce, g y [31] documents the fact that
domestic wine distributors who arggharmed fi rom selling imported wines are

then less able to effectively sell dome i dditionally, domestic producers may

would have been otherwi i e estimates of EU decreases a lower bound on the

magnitude of the loss

This paper m novel channel through which trade policy uncertainty disrupts the
international di

through TTB

ibution of wine: the suppression of new product entry decisions, measured
A applications. Using a weekly panel spanning 2016-2025 and exploiting the
November 2024 U.S. presidential election as a sharp regime change in the trade policy
environment, | estimate that approximately 14,899 EU wine product applications, potential new

product introductions to the U.S. market, were foregone in the 61 weeks following the election.
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Under alternative model calibrations, this number could be as high as 19,050, and a model
estimated under a stricter definition of a “new product" estimates a reduction of 10,044.
Conditioning on the Caldara-lacoviello TPU index attenuates the post-election coefficient by

approximately 72%, a result consistent with elevated TPU being the primary driver of the decline

in product introductions, with the residual perhaps reflecting specific tariff events or otl

sector developments.

The finding that threats of tariffs, before any tariff is implemented, can remove thousan

prospective wine labels from the U.S. market illustrates the “option value of waiti

in a policy-relevant setting. The comparison with the 2019 tariff episod ects are
traced in detail by Flaaen et al. [10], reveals that uncertainty may ul ger

cumulative disruptions than a realized tariff of comparable maguyifue en-ended

For wine producers, the findings suggest that TPU costs artly invisible to

standard monitoring. Producers, importers, and policy, volume data to
gauge the effects of trade policy rhetoric may signi
underway. For researchers, COLA applicati romising source for studying
extensive margin dynamics in a séti identification of one part of the

entry decision.

Data availability: COL icati ¢ publicly available from the TTB COLAs Online
database, but they offe d mechanism. Upon request, I can share my
comprehensive colle afrom 2016-2025. The Trade Policy Uncertainty index is

publicly availabl w.policyuncertainty.com.

Referenc

[1] D. Caldara, lacoviello, P. Molligo, A. Prestipino, A. Raffo, The economic effects of trade
policy “ncertainty, Journal of Monetary Economics 109 (2020) 38-59.
https://doi.org/10.1016/j.jmoneco.2019.11.002.

[2] B.S. Bernanke, Irreversibility, uncertainty, and cyclical investment, The Quarterly Journal of
Economics 98 (1983) 85-106. https://doi.org/10.2307/1885568.


https://www.policyuncertainty.com/
https://www.policyuncertainty.com/

556
557

558
559

560
561
562

563
564
565

566
567
568

569
570
571

572
573

574
575
576

577
578
579

580
581
582

583
584
585

586
587
588

589
590
591

592
593

[3] A. Dixit, Entry and exit decisions under uncertainty, Journal of Political Economy 97 (1989)
620—-638. https://doi.org/10.1086/261619.

[4] N. Bloom, Fluctuations in uncertainty, Journal of Economic Perspectives 28 (2014) 153-176.
https://doi.org/10.1257/jep.28.2.153.

[5] K. Handley, N. Limdo, Trade and investment under policy uncertainty: Theory and firm
evidence, American Economic Journal: Economic Policy 7 (2015)

https://doi.org/10.1257/pol.20140068.

[6] K. Handley, N. Limao, Policy uncertainty, trade, and welfare: Theory and evidence fg
and the United States, American Economic Review 107 (2017) 2731}
https://doi.org/10.1257/aer.20141419.

[7] M. Crowley, N. Meng, H. Song, Tariff scares: Trade policy uncertai
entry by Chinese firms, Journal of International Economic
https://doi.org/10.1016/j.jinteco.2018.05.003.

[8] J. Carballo, K. Handley, N. Limao, Economic and policy un
dynamics and the value of agreements, Journal of Interné
103661. https://doi.org/10.1016/j.jinteco.2022.103661

[9] A.G. Graziano, K. Handley, N. Limao, Brexit unce
Economic Journal 131 (2020) 1150-1185. httpsadoi

[10] A.B. Flaaen, A. Hortagsu, F. Tintelnot, N. Urd. . ays for tariffs along the
supply chain? Evidence from Europe i i orking Paper 34392, National
Bureau of Economic Research, 2025. 6/w34392.

[11] M.J. Melitz, The impact of
productivity, Econometrica

reallocations and aggregate industry
1725.  https://doi.org/10.1111/1468-

0262.00467.
[12] T. Chaney, Distorted gravity: The nsive and extensive margins of international trade,
American mic 98 (2008) 1707-1721.

https://doi.org/10.1 er.98.4.1707%

[13] E. Helpman, M. in, Estimating trade flows: Trading partners and trading
volumes, al of  Economics 123 (2008)  441-487.
c.2008.123.2.441.

“Goldberg, PJ. Kennedy, A.K. Khandelwal, The return to
Quarterly Journal of Economics 135 (2019) 1-55.
093/qje/qjz036.

J. Redding, D.E. Weinstein, The impact of the 2018 tariffs on prices and
Journal of  Economic  Perspectives 33 (2019) 187-210.
https://doi.org/10.1257/jep.33.4.187.

[16] R.C. Feenstra, New product varieties and the measurement of international prices, The
American Economic Review 84 (1994) 157-177.



594
595
596

597
598

599
600
601

602
603

604
605
606

607
608

609
610
611

612
613
614

615
616
617
618

619
620
621

622
623
624

625
626
627

628
629
630

631
632
633

[17] PJ. Klenow, A. Rodriguez-Clare, Quantifying variety gains from trade liberalization,
Working Paper, Graduate School of Business, University of Chicago, 1997.
http://www.klenow.com/Quantifying Variety.pdf.

[18] C. Broda, D.E. Weinstein, Globalization and the gains from variety, The Quarterly Journal
of Economics 121 (2006) 541-585. https://doi.org/10.1162/qjec.2006.121.2.541.

[19] A. Mariani, E. Pomarici, V. Boatto, The international wine trade: Recent trends and
issues, Wine Economics and Policy 1 (2012)
https://doi.org/10.1016/j.wep.2012.10.001.

[20] J.-M. Cardebat, J.-M. Figuet, The impact of exchange rates on French wine exports,
of Wine Economics 14 (2019) 71-89. https://doi.org/10.1017/jwe.2019.2.

[21] Government Publishing Office, Labeling and Advertising of Wine,
Federal Regulations. https://www.ecfr.gov/current/title-27/chapte
2026 (Accessed 20 July 2026).

[22] C. Cervantes, S. Smith, TTB labeling and formula processesf EY

[24] K. Dingwall, An exhaustive (and exhausting) ti
Wine Enthusiast. https://www.winee i
2025 (Accessed 20 July 2026).

[25] G. Bade, Trump floats 2
https://www.wsj.com/livecoveta

Union. The Wall Street Journal.
stock-market-today-02-26-

[26] G. Bade, M. McGra
devices. The Wa

mp threatens fresh tariffs on EU, iPhones and rival
¥ https://www.wsj.com/economy/trade/trump-apple-
y 2025 (Accessed 20 July 2026).

[27] J.C. DriscollgA. nt covariance matrix estimation with spatially dependent
of Economics and Statistics 80 (1998) 549-560.
465398557825.

ica's vineyards are in crisis — and how growers are responding.
ww.forbes.com/sites/lizthach/2025/11/13/crisis-in-us-vineyards-whats-

https://www.nbcnews.com/data-graphics/data-shows-wine-decline-consumers-spending-
less-drinking-less-rcnal 87628, January 2025 (Accessed 20 July 2026).

[30] A. Sage, French wine industry is withering on the vine as drinkers go dry. The Times.
https://www.thetimes.com/world/europe/article/french-wine-industry-collapse-rpdptgtvf,
December 2025 (Accessed 20 July 2026).



634
635
636

637

638

639
640

641
642
643
644

658

[31] L. Sumagaysay, Some California winemakers don't want tariffs on their European
competitors. Here's why. CalMatters. https://calmatters.org/economy/2025/08/california-
european-wines-tariffs/, August 2025 (Accessed 20 July 2026).

Appendix

A.1 Additional Figures \

Event Study: Effect of 2024 Election on EU Wine Label Applications
Coefficients show EU vs US differential, relative to week before election

1000
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Coefficient (Change in Weekly Applications)

-1000

-20 -10 0 10 20
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Figure Al: Event study: EU vs. U.S.

= 0). Coefficients show the weekly E
Pretreatment coefficients near zero,

lication rate, relative to election week (week
.S. ditferential relative to the omitted week —1.
porting parallel trends. Shaded band = 95% CI.

A.2 Additional Tablesr

cnc

Table Al: Robustness of Main DiD Estimate to Product Application Definition
DiD Coefficient (Log-Linear)

Application Definition Estimate Std. Error
All Applications —0.244* 0.100
New Importer-Brand-Origin Combinations  —0.268** 0.106
New Brand-Origin Combinations —0.281** 0.095

Notes: Each row reports the post-election DiD coefficient from a
separate log-linear specification using the indicated application
definition as the dependent variable.

“*p < 0.05; **p < 0.01.




659

660
661
662
663

Table A2: Counterfactual Sensitivity to Baseline Period Choice

Baseline Period Weeks  p,  Gap (Mean) 95% CI
2016-2018 (pre-any-tariff) 144 0.69 -17,604 [-19,670, —15,508]
2016-2019 (pre-tariff implementation) 196 0.68 -19,050 [—-20,828, —17,350]
2021-2024 (post-tariff recovery) 174 0.75 —14,554 [-16,389, —12,6§

2022-2024 (recent, preferred) 148 0.75 -14,899 [-16,928, —12,83

All gaps represent cumulative foregone EU applications over the 61-week post-electi
window. CIs from 2,000 parametric simulations. Longer baseline windows including
2019 tariff period produce larger estimated gaps because they incorporate the tariff-pert
decline as part of the “normal” level.




